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MQAM signals modulation recognition algorithm based on SNR estimation
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Abstract: Aiming at the problem of existing modulation recognition algorithm for Multiple Quadrature
Amplitude Modulation(MQAM) signals, an improved MQAM signal modulation recognition algorithm is
developed. The Signal to Noise Ratio(SNR) in the communication system is estimated primarily, and then
different types of QAM modulation minimum ring variance are obtained by calculating the minimum ring
variance of MQAM signal vector diagram. The modulation mode recognition is completed by comparing an
appropriate reference threshold calculated by the estimated SNR and signal with above calculated
variance. The algorithm is of small computational complexity and high recognition probability. Moreover,
the algorithm can be applied to modulation recognition of practical engineering. The simulation results
illustrate that the recognition probabilities of QAM signals with 5 different orders are equal or greater than
96% under SNR=-1 dB.
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