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Self-Adaptive Fruit Fly Optimization Algorithm

REN Xintao, WEI Wuzhou, YANG Ningguo
(Baicheng Ordnance Test Center of China, Baicheng Jilin 137001, China)

Abstract: A Self-Adaptive Fruit Fly Optimization Algorithm(SAFOA) is proposed in order to further
improve the performance of Fruit Fly Optimization Algorithm(FOA). A fruit fly search group pattern is
designed, and then a self-adaptive variable-step search algorithm is put forward. Simulation results
indicate that SAFOA features fast rate of convergence, strong global search and local optimization
performance, and high convergence precision in comparison with FOA and Diminishing Step Fruit Fly
Optimization Algorithm(DS-FOA).
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Tablel Statistical table of simulation results(100 times)

No. initial optimization step length SAFOA convergence statistics DS-FOA convergence statistics
1 30 fall into local optimization for 23 times global convergence
2 3 fall into local optimization twice all fall into local optimization but global convergence cannot be achieved
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Fig.5 Comparison of SAFOA and DS-FOA optimization
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