H18% 4 AMERZS5BEFEREFER Vol.18,No. 4

2020 4 8 A Journal of Terahertz Science and Electronic Information Technology Aug. , 2020

X EHE: 2095-4980(2020)04-0687-05

E?mﬁ'ﬁ‘ﬁlg%lﬂ'l?ﬁ:ll:%“’ﬂénnﬂlk Gbs S

ﬁ]mljﬂ:‘v % %9 5 %/\\9 7%;] }ﬁty 3%7}% éﬂ/], /tg’ 7-0%‘?3*[«‘9 ‘I’% %"*
(KFEHT R 2B, S K 130022)

W OE: AdBKkEMHLHRENFR, ARABGRERRN T I KRG EGRELE,
LAY AR AE TR R K B (LCTR) LA AL 3 R kM . 2k 5%, g bitailXE
A5k B & B9 VIS/NIR K # B %, 32 F Matlab3k 5 X ENVIZR 25 2 & oF i B2 34T 40 2 A, R &4
AWM AR RS L, FAEGRHE> SR A, BEAL KB L EHG _HEG. 46 HEAK
B, PR GG KNEEER, &I K T480~550 nmk BH B AW Bty ARAEUE, & 8 = |4
KEZRAUE, AFARGEHBAN _EEGHS S AR, MR TRBEKEMG LS EH .,
REREN, LEEGNENRGAEM_EEGAERASHRAEL LS R0 N+ LA RN

N2 R AT & o
KR, L EHGE; THAN,; FHAEEERA; BHELs
FES%ES:TNI19 XERIRER: A doi: 10.11805/TKYDA2019297

Rapid classification of northeast rice varieties based on hyperspectral imagery
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Abstract: Based on the nondestructive identification requirements of rice varieties, the spectral image
features of three rice samples are analyzed by hyperspectral technique, and the detection, classification
and identification of three kinds of rice using Liquid Crystal Tunable Filter(LCTF) spectral camera are
realized. The VIS/NIR(Visible/Near-Infrared) spectral images of rice samples are collected by
hyperspectral camera, and the hyperspectral image is processed and analyzed by Matlab and ENVI
software. The relative reflectance curves of each sample are obtained. By using image threshold
segmentation technology, the spectral images of each band are obtained. Combining the images and data,
the spectral differences of different varieties of rice are analyzed. It is found that the rice had a distinct
characteristic peak in the 480-550 nm band. The spectral differences between different varieties are
obvious, and the ratios of the brightness of the binary images for different varieties of rice are different as
well. The results show that the relative reflectivity and binary image of spectral images have good
prospects in the application of rapid classification and identification of rice varieties.
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