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Design of learning training and simulation evaluation system for

cognitive electronic warfare
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Abstract: There are many problems faced by cognitive Electronic Warfare (EW) equipment, including
complex and diverse combat scenes, being difficult to obtain real data and high cost of actual combat training. In
order to meet the needs of scheme demonsiration and key technology research, by combining artificial intelligence
with system simulation technology, the signal level model of cognitive EW equipment and its typical combat objects
is established. The information interaction process between EW equipment and combat objects in complex
electromagnetic environment is simulated. A learning training and simulation evaluation system for future battlefield
cognitive confrontation is built. The function, architecture, workflow and key modules/models of the system are
introduced in detail. The application examples of the system are analyzed. According to the application effect, the
system can provide guidance for intelligent algorithm model training of cognitive EW and the simulation test
evaluation on equipment combat capability.
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Fig.5 Logical composition diagram of cognitive countermeasure equipment model
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[ 6 IAEIXS B AR Y B 5 I B P HE AL

4 Python R A AH 55 12 1 RE 16 2 TR AR BEOR 5, il m] LU T 2 Gt 4 Bt 00 R B2 29 ) fE Sl UM 4L, %
A R A R AR T C/CHIE F BIRRA, SRJE A C/CH LI B TR AR AL iR A BN R BTk A R ALY C/
CH+FERTIREME AL, 38 i T Jo 1T o) 552 8 37 5 (0 % o7 B0, 52 B8 DA 0 0 70 2 o AL B0 A 2 i) — IR AL R

SN 3 2 5 RE T 7 VA
2 REEENMAEH

AT B T, R R BT i 2
YRR AN I, —RBREETEER
o, MR, FS &M E &K
I E A AW, FE5S8ERE2E, MiH&
Tl 2 BOR8 T A LA R A AR Ak . 10X H 25 52 %
R S LRGSR B, AR BRI R GA S S Ak v
I 7™ 0 Bk A, R L UG P DL AN ]
A B SR I R AT g, E LA
2R EEEINE NG, ERE T
BOR AR, A RCHR s R S I 43 2 SR Y o
R, RESEFRAIETR N ITE . L
e A MR A ) R W A 2 R I
GBI R A RIS, M TR E %Y
ChanH UL B T05 ) 9 I 25 B3040 ) G 5 A v -
X LR 5 5E T 0 W B R B R R AR T AT
MRFR, AIHAEARZREZMOEHE 5 (W
K7 ) ISR R GLisdT, W] LLA: UTE
oA B L. AR EUAR R 22 S I A
B HIE A 5 A Bk o R, b AR Bk R A & R
A3 BEME BE (U R B s B . 1B 7 TR H A
Tl 6 AN HILER R I8 R RS S 8 S 8 3k 1
N, P B R A K e R n 181 8 iR o &
PA 7% ik i B (Pulse Amplitude) .

3 &g

Fig.7 Simulation scenario of electromagnetic data
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Fig.8 Visual display of full pulse data generated by simulation
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