H12% 56 XFZBESBRFEEFR Vol.12, No.6
2014 4F 12 A Journal of Terahertz Science and Electronic Information Technology Dec., 2014

XE4HS: 2095-4980(2014)06-0858-07

E T BP HEMZIIF KA ZIRR

FEKY BELSL 2 W MiER?
AP K% P (EE¥bE, i R#E 610064; 2.09)1 lETEERIBHEARA R, MUl W#8 610064)

W OE: MAEBETRANABEN, BEEILGAVR R &M, XU rmE - ERE LY
MM E, BR, AHAMNT L ETEZAITA AN FEBABRARTHASSRE LR
MTEAFHHMREHSHTHAEAN, TUAHEH R R BURZARBRBEESFK
oo AXERAFAMBANITHMAESHIEN BP WE MWL HMAGHHAT 2L RA, @ H
BP # Z W &AM, RAARFHRAE, LB hEEhr X RAMRBHSNEN,

KEEW: BPHEME; Flpm; BA; RIERA

FESES: TNIL5.43; TP391.41 XEkARIZAS: A doi: 10.11805/TKYDA201406.0858

Shape recognition of remained oil based on BP neural network
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Abstract: With the deepening of oilfield development, the remained oil which shows some effects on
oil displacement efficiency is formed in the reservoir pore-throat. At present, the study on the remained oil
is almost performed by doing microscopic displacement experiments with the visual glass etching model.
Research on remained oil shape in the model can provide important reference for secondary oil recovery
and tertiary oil recovery of oilfield. In this work, the geometric feature parameters of remained oil are
taken as the input of neural network for classification. Through the training and testing of the BP(Back-
Propagation) neural network, good recognition rates can be achieved, which enables fast and accurate
classification and identification for remained oil shape.
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Fig.2 Common shapes of remained oil
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Fig.3 Flow diagram of remained oil shape recognition
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Fig.4 Topology of remained oil shape classifier
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Tabel 1 Results of experiment

shape category of residual oil number of test samples number of correct identification recognition rate/%

island 60 57 95.0

network 35 30 85.7

strip 28 22 78.6

column 25 23 92.0

plug 26 21 80.8

membrane 10 7 70.0

total 184 160 86.9
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(a) image of the remained oil after water flooding

(c) image of the remained oil after mtrogen flooding

(d) shape recognition image for fig.(c)

|sland network strip plug column  membrane

Fig.5 Original image and the classification result diagram
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