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Emitter recognition based on Least Square Error model
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Abstract: To tackle with the parameter uncertainty in emitter recognition problem, a recognition
method based on least square error model is presented. First, the square error of characteristic parameters
is calculated relative to those in database for the emitter, then, the degree of membership of the emitter is
determined based on least square error. Unlike geometrical distance model and cloud model, the proposed
model takes multi-values and correlation of each parameter(PRF,PW and ASV) into account. Simulation
results show that the emitter recognition rate of this model is higher than that of the geometrical distance
model and cloud model by 5% and 40% respectively.
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degree of membership of cloud model
based on 100 Monte Carlo simulati
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Fig.1 Degree of membership distribution when error standard deviation is 5% of the characteristic parameters
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degree of membership of cloud model
based on 100 Monte Carlo simulations
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Fig.2 Degree of membership distribution when error standard deviation is 10% of the characteristic parameters
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