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Spotting keywords in continuous speech based on Point Process Models

WANG Yong, ZHANG Lian-hai

(School of Information System Engineering, Information Engineering University, Zhengzhou Henan 450002, China)

Abstract: A keyword spotting method is proposed based on Point Process Model(PPM) in continuous
speech. Frame-level phone posterior probability is computed by using TempoRAl Patterns(TRAP) and
Multiple Layer Perception(MLP). The speech can be considered as independent events(phones), and PPM
can be set up by using Poisson process. The likelihood ratio is calculated to estimate whether the keyword
is uttered. The experimental results show that the average recall and precision rate of keywords are above
69.5% and 82.0% with 8 kHz sampling frequency for speech, respectively.
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