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A target size adaptive compressive tracking
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Abstract: Compressive Sensing has been successfully applied to visual tracking for its high efficiency
and robustness in dimension reduction. It can achieve amazing classification results by using naive Bayes
classifier with high frame rate. Nevertheless, it performs poorly while tracking targets with obvious scale
change. An improved algorithm based on compressive tracking is proposed, which adopts multi-scale and
cascade classifier to determinate the best scale and position. Experiment results indicate this algorithm
not only performs well in challenging scenes such as pose variation, abrupt illumination, multi-target
interference, motion blur, but also prevails in scale variant sequences.
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