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Intra-pulse modulation recognition of radar signal based on
multi-dimensional features
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Abstract: In order to obtain the ability of identifying radar signals robustly and precisely in the
complicated signal circumstance, radar signals are represented by using radar feature vectors consisting of
the time frequency image feature, complexity feature and instantaneous quantity feature. The feature
vectors are input into a combinational classifier whose main classifier is Support Vector Machine(SVM),
and the signal parameters are estimated. Simulation result shows that the method has good performance,
even in the rapid changing signal circumstance of low Signal to Noise Ratio(SNR).
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Fig.1 CWD of six kinds of modulation signals when SNR is 0 dB
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Fig.2 Signal images after closed operation
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Tablel Recognition success rate of various types of signals in experiment 1
recognition success rate/%

Rs\/dB
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0 100 97 95 92 98 100
5 100 99 98 98 100 99
10 100 100 99 97 98 100
15 100 100 100 99 100 96
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Table2 Recognition success rate of various types of signals in experiment 2
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NS LFM NLFM BPSK QPSK FSK
0 100 100 100 99 97 99
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10 100 98 100 95 96 98
15 100 100 100 91 97 98
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