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Static YUV image reduction technology based on ARM NEON

CHEN Yi, LI Wenjun

(Institute of Electronic Information, Hangzhou Dianzi University, Hangzhou Zhejiang 310000, China)

Abstract: In the area of video surveillance, the image data of video collecting and processing are in
Video color coding method(YUV) data format. But the classical static YUV image processing technology
cannot perform well simultaneously in the aspects of processing speed, processing quality and range of
application. The method proposed is a static YUV image contraction technology based on Acorn RISC
Machine(ARM) architecture processor expansion structure(ARM NEON), and is widely applied in the
image compressing and storing and sample collecting. Using ARM's Ambarella S2 hardware platform and
Linux operating system, this technology adopts 64 byte alignment block process mode. Compared to
traditional compression storage technology, the speed of the proposed technology can be fast by 2 to 3 times,
and the image after compression is clear. Experimental results show that the proposed method has high
value of practical application for its high code efficiency, fast processing speed, high image output quality
and strong adaptation to environment.
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